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http://pytorch.org
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https://github.com/BVLC/caffe
https://github.com/NVIDIA/caffe
https://github.com/tidsp/caffe-jacinto
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https://www.youtube.com/watch?v=pA8lXeMjuao
https://www.youtube.com/watch?v=pA8lXeMjuao
https://github.com/tidsp/caffe-jacinto-models

Giga multiply accumulations

Frames per

Inference method  Configuration for inference per second (MACs) Giga cycles Time (ms) second (fps)
Dense JSegNet21 nonsparse 8.843 0.700 194.44 5.14
Sparse JSegNet21 sparse (80%) 1.540 0.188 52.22 20.22
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http://www.tij.co.jp/tool/jp/processor-sdk-tdax
http://www.tij.co.jp/tool/jp/processor-sdk-tdax
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http://www.tij.co.jp/ja-jp/processors/automotive-processors/tdax-adas-socs/overview.html
http://openaccess.thecvf.com/content_cvpr_2017_workshops/w4/papers/Mathew_Sparse_Quantized_Full_CVPR_2017_paper.pdf
http://openaccess.thecvf.com/content_cvpr_2017_workshops/w4/papers/Mathew_Sparse_Quantized_Full_CVPR_2017_paper.pdf
https://www.youtube.com/watch?v=-CH_0J_f5zA
https://www.youtube.com/watch?v=-CH_0J_f5zA
https://www.youtube.com/watch?v=pA8lXeMjuao
https://www.youtube.com/watch?v=pA8lXeMjuao
https://github.com/tidsp/caffe-jacinto
https://github.com/tidsp/caffe-jacinto
http://www.ti.com/lit/wp/spry260/spry260.pdf
http://www.ti.com/lit/wp/spry260/spry260.pdf
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